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org/wiki/Big_data

«i Gill Press (2013) , “A Very Short History
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forbes.com/sites/gilpress/2013/05/09/
a-very-short-history-of-big-data/
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I - #{Viktor Mayer-Schonberger &
Kenneth Cukier. Big Data: A Revolution
That Will Transform How We Live, Work,
and Think. Eamon Dolan/Houghton
Mifflin Harcourt. 2013.05.

<~ (a)Suse Cairns (2012) . “One
Provocation for Big Data" - &I
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